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ABSTRACT

Ancient Chinese poetry, as a vital carrier of traditional Chinese culture, is
characterized by its highly condensed language, rich and varied imagery systems,
and strict metrical structures. With the advancement of natural language processing
technologies, poetry generation has emerged as a key research area in generative
artificial intelligence, attracting increasing attention. Enabling machine models to
deeply understand and compose culturally rich and artistically valuable ancient poems
—thereby empowering the reinterpretation and recreation of traditional Chinese culture
—rposes a challenging yet fascinating problem.

However, existing methods generally suffer from three major limitations: (1)
reliance on single-modal inputs (either text or images), making it difficult to fully
capture user intent; (2) lack of explainability in both the generation process and
evaluation, hindering interpretability; and (3) generated poems often remain superficial
in form and semantics, failing to incorporate deeper cultural elements such as allusions
and imagery, thus lacking cultural depth and artistic merit.

To address these issues, this study leverages the powerful semantic understanding
and generation capabilities of large models (LMs) to develop a multimodal poetry
generation system that supports both text and image inputs. The system provides
user-friendly explanatory content during generation and enables poem analysis
and iterative refinement. Specifically, the DeepSeek-VL2 model extracts scenes,
imagery, and emotional elements from images to generate culturally evocative textual
descriptions. These descriptions, combined with user-provided text prompts, are
then processed using the CRISPE framework to guide DeepSeek-R1 in generating
high-quality metrically structured poems. To enhance interpretability, the system
provides annotations, appreciations, and vernacular translations.

For quantitative evaluation, a five-dimensional scoring system is designed,
assessing metrics such as metrical correctness, imagery and artistic conception,
thematic coherence, linguistic refinement, and creativity. A few-shot prompting
framework guides LLMs in generating objective scores and improvement suggestions,

supplemented by automated metrics like ROUGE for validation. Additionally, the
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system supports iterative optimization, refining poems based on feedback while
preserving user intent, forming a closed-loop workflow of “generation — analysis —
feedback — optimization”.

Experiments demonstrate that DeepSeek-R1, trained via reinforcement learning,
outperforms models like ERNIE-4.0 in understanding and applying allusions and
imagery, providing more reasonable annotations.  Meanwhile, DeepSeek-VL2,
optimized for Chinese cultural contexts, surpasses English-based models like CLIP
and MiniGPT-4 in recognizing culturally significant symbols and emotions in images.
Evaluation on a stratified poetry dataset confirms the scoring system’s discriminative
power and reliability, while validating the effectiveness of automated metrics.

Ablation studies on multimodal inputs reveal that while images do not significantly
improve generation quality, they enhance user intent expression and system
usability. Additionally, comparative tests between DeepSeek-R1 and ERNIE-4.0
were inconclusive due to overlap between the test dataset (Three Hundred Tang Poems)
and the models’ training corpora.

This study contributes a novel multimodal poetry generation system that
strengthens alignment between generated poems and user intent while improving
interpretability through explanatory outputs. It also proposes a comprehensive scoring
framework, exploring the feasibility of LLM-based evaluation supplemented by
automated metrics. Furthermore, it critically examines the role of multimodal inputs
in poetry generation and evaluates different LLMs’ capabilities in capturing poetic
aesthetics and cultural depth. The findings provide new insights into Al-driven poetry
generation, advancing the application of large models in the preservation and creative

reinterpretation of traditional Chinese culture.

Keywords: Poetry Generation; Large Models; Cross-modal; Interpretability
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AT G T R JC R L n-gram B4, BLEU XHeife ] 7P n-gram 118G T8
Wr (clip), fi[H—"> n-gram FITECNEIE S5 4] 1 H11Z n-gram B5ORRE B
Count.;, = min{Count, Max_Ref Count},

MAES A 2 M TR SCABEF, BLEU WY AEE BT [H 2 H A i a) .
gk B rh A+ C, R HITE R n-gram RELET S T4 Count iy
R 2 IE R, BARRR DARAS R A AR BT T 28 Count, T213 8] — 1 1H—
W EL, LOE TSRS R SOR L . B RS R iR =t (2.1):

_ ZCE{Candidate} Zn-gmmEC Countclip(n-gram)

n = 2.1

ZCG{Candidate} Zn ~-grameC Count(n-gmm) ( )

N T EEGAE n BUE T n-gram FYFEAREL AR n-gram 538G THIAL
JUSPE, HAPRE Yo, = 1, 1 (2.2):

N
exp (Z w; log pn) (2.2)
n=1
BE—2, A TR LR O A R A ORI S SRR B, 51N T A
TR AE (&WWRMWBN,ﬁﬁﬁiﬁC%&§65§%ﬁﬁﬂmﬁﬁr
BETHREL, R (23).

BP :{ L oe>r 2.3)

e ¢, ¢c<r

4015 BLEU fy5e# 0= (2.4):
BLEU:IH%eq{zaanbng (2.4)

n=1

BLEU HU{EYERIAE [0, 1] ZIH], (EBORENEIE e s, (B4 B9 BUET

10
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MUK, RIATRESESR BT 1950

LESBRAE R, B w; B E N R n-gram [ I0ACEY o 4140, BLEU-2
IACEIZRE N w1 = wy = 0.5, dRFHRAYIRR 22— B, BRI iR A il T
S ch3 2 {di ] BLEU-1 71 BLEU-2,

2.2.2 ROUGE

5 BLEU Z518l, ROUGE (Recall-Oriented Understudy for Gisting Evaluation)
[l R L LA B e SR 5 22 SOR 2 [A] Y B n-gram A FESORRIIEAIHERR R,
(B SRR TS T SCAR R A EE A R U AR B AR 55

PXJ3F BLEU j@& I #ERf . ROUGE i fiH[a]% (Recall) VENMT AR, T
it UK C HE B[ n-gram FYEUE S 275 30K R P n-gram fUECE 2 . U
X (255)

andidate n-gram Countci n-gram
ROUGE-n = 2. el Candidate) 2n-grameC lip(n-gram) 2.5)

ZRE {Reference} Zn-grameR Count(n—gram)

4N, ROUGE 37 & Fhas &, 41 ROUGE-L E:T 2% AN IEIL A

[F A A o] (LCS) SRIHEA R, iz (2.6).

c{Candidate LCS C7R
ROUGE.L = 2CéCantidae) LES(C. R) (2.6)
ZRE{Reference} Length(R)

2.2.3 Distinct

¥% I BLEU H1 ROUGE S5J:T 225 SCAN LU & BT ¥E SN, A7 k22i
M AT R SOR B B B . HAr 142 Distinct $55, HiHE ORI
[ n-gram [ 5 SOR AT n-gram 802 o, DA i SO IR S 2 1
Mo TMEFLT ROUGE, % i%H 1-gram {1 2-gram &1} Distinct $54532% 3,

2.2.4 Similarity

MY R R ) TR B R U R AN, AR s i R 1
B JFRET AR MRS T A - [ A T SCREMBLRE o TXBERIFST Hh a0 1 [T i D 48
fp (GLPArERE) AT [ E THESL AR SIm L2, 5 PRI A B Sim34, LA
B 2 AR ARLEE Sim2 L2 200,

11
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KPURZEARHERIE S (#E)

REHY PR PP RSB T MR T Y AT A A T R

FERIFHI N B2 — X

F T BB ER) AR B 22 5 A PR
BOME" S5, HOB T SMATAR ISR oAb, NS RO 5 B R T 7

» &gy
N

<

R 3
HEE BSOS RS 0, S5 . IAh, HESLEA R

it ASCA N AR KRR 8 5 RE AT KPR A D RE

B

BRI PCRIT AR, AF NIRRT SRR, (R E B SR &
{HFF TR ANIR R KRR RE
23.1

—HER R PR PR A R . A BB 5T S (T RS R A T R
2.3 DeepSeek KiEZE!
DeepSeek-VL2

DeepSeek-VL2U3 S T = [ B
wIR ST RIES

ML DeepSeek-VL2 A1 DeepSeek-R1 A~ AARAY A FEANS Ko

HERE RS AN g e T o N
PR = KA o
RESERE

-1

4]

G
L dmithgs (Vision Encoder) : A | SZHr i K HER ASE LA R HY1E]
%, (E55HT VL1 A58 SigLIP HEZR A9 ELRN 5| NBhASYI 5% (dynamic tiling

strategy) . K F 70 MR IR G HIE Y 70 #108 384 x 384 {14 B, -5 4 R4
PR STy

RIS AEPRIEBE 5 AR AR HE N, s e i A d /MU S

WAL FIT R, MR 7RG E 0 W g S B 40T KR e, il
1152 x 1152 By et N anf 2.1,

B RS E AR 0N 55

MI-EFEACH (VL Adaptor) &% E— 2B P I <#AT Token> (J] /-
B, SRHDBUZ B 2 x 2 35K (pixel shuffle) #afE, RGAIEAE2fE

[ 53 S BIEHeI 25580) FI<HL 34 i Token> (T [X 4 4 R4 ST 1)

JEEARMGT 2 SCA RN 25 0] o 2 BT R B R S A TR AR RY A, BT
12
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|
gucax M

" RB&EH ST

- = = =
= 5 5 &}

LIPNETES
BRI BRI

......

D FEToken #47Token

B 2.1 DeepSeek-VL2 Sz 5RHE

3. WA LHRIEF AL R IM SIS 1L 2R S 280, &M\ token ZhZSH
T Top-2 LM% . &5 2 KIB(ETER ) (Multi-head Latent Attention, MLA)
BUA, 4T RSB LR (A e b, 4096 K BEFFFI A7
MR R G AN 6.7%

DeepSeek-VL2 HiJllrk T =K Beillgxyus, FIJefi ] 120 54~ 18 S0k
SR BERIASRIR, PR G 70% B9 & SCBHRAT 30% 4 SO ok g4 77
gk, e L EET OCR B S SCRYELEE 7 T A9 S & Gl (EIF 1R RY2,
DeepSeek-VL2 ) MoE ZUM L&A 64 L4l FF4IHPREAL B E RS
&, FREEIIZrrhisd IR MECR I L 2B A, SEELRR
T, MR KSR S HEERCE (FEEVR 176B ISEUR N (UM 4.5B 240)

2.3.2 DeepSeek-R1

N TN BRL R HEBRRE ), ik XY T R 2 AR B (supervised
fine-tuning, SFT) JE M A KEHELESE (CoT) VEBIAURE, 5] SR os i
[HEEE 25 . (H DeepSeek-R1PT WISR A T 384027 2] (RL) (1 8% 12K I SR R 2
REST.

FEIEH M DeepSeek-R1 Fif, DeepSeek [P\ So21at i ik 55 44 7 > 5 1] A AT
e —— B e BB E R s 2>, AV AT SFT Y%, it i
e 2 ARSI 25 H DeepSeek-R1-Zeroo AN, N EINGIT4Y, %
FEXFSFEmE (AL (Group Relative Policy Optimization, LGRPO) &3, ildifE4
PRt 5 SR AT 20 R ARG R 2k BRI 224

il DeepSeek-R1 HYIIZRdFE53 HPYABr B (W& 2.2) .

13



RIAF AR (i)

1. %330 SFT: 2 1 fif#dk RL Y125 IR BA A EMEANTE SR 220 R, SE% W
BN CoT ZdmEE, X EL AL DeepSeek-V3-Base #1714 j5 5l SFT,
YEDN RL IR A1 o i B A A dfs @ 1 A7 B LA TIE HY TR 40 825 25
2%, 1 DeepSeek-R1-Zero 4 Jiio

2. #EFL A RL: AR 51144 DeepSeek-R1-Zero — 3. 1A, AT IH/ESIR
ZREGRLE, SIN T S —BERRED, DIEREMS G T B A4, $2 Al o 1
Y RTEPE

3. HE4aRAE SFT: FJH E—Fir Bt RL JIIZ5id #E R checkpoint BT 4658 4%,
A2 Ak Y HEREELAE, A DeepSeek-V3 5p 24 S A MY Sk HEAT4T
53 AU TR Som I REAS, LUGERTS 60 JTHEFEGE. thoh, iEMANT
DeepSeek-V3 [ YIZp%ds, FHXTEMEF A TIN A, 2R15 20 JT 4R
HERE R . T MBE /N 80 T ISR BT IEE T4 -

4. 235 RL: hidt— 50 N m et 55, Bk T RL 1%k, (EHETH
JUT 22 B I S 385 T B 27 ), s 2R S AB AR ke )11 el FH s R e g
EPANE ST/

A, AT B A 2 R SFT ri i A 119 80 J3 B ST HoAth e/ MERL (4
Qwen2.5-14B ] Llama3.1-8B) #f7 SFT, 15%|7% 1§45 DeepSeek-R1-Distill, 7

TER, Xl BRI I
24 FENE

AES A TR R UL I AR, AR PRI XL AR,
LAK BLEU. ROUGE &5 H g A T i A0 LIRS T ik FIXSPAl A 0]
A, B AR ORASE R Ay B A E Y PPRIR R o [ HBEIA T DeepSeek-VL2 Al
DeepSeek-R1 AR FGEAR 12 VL2 SR ARG LA R TLINL BASHAR . R]
I SR S ST ACHE R RE ST SR 0 B B R SRR T A Il e X BN 2N
JREER BT BEE T Bt

14



IR AR ()

DeepSeek-V3-Base
(671B)

\
S —
.
:
.

T 2 BEISFTEIE T
HERAE DeepSeek-R1-Zero&% i} =g =171
(J1F) SFT

A 4
LﬁgﬁgéﬁgﬁiﬁJ HEE—HMRR | | S RESHRL

\ 4

DeepSeek-V3
SFT#E

HE= IEHERIE
SFT >

JEEIR R
(207)

. ZEN: 2F=RL
Qwen2.5-14B | ! Y J ERRCCCEEEEEEL CUTEEREPPEEEES :

+¥mﬁﬂ’§

‘)‘ ST | \
! | Llama3.1-8B | ! 5 ‘ AE7) ’
' l

DeepSeek-R1-Zero

DeepSeek-R1-Distill DeepSeek-R1

& 2.2 DeepSeek-R1 )| %3172
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PR AR E e 3 (73

3 hFERSMK
ATEEEAGACO I AR I RER I, LRGBS, %
RAHRAS 45 MBI IRE LB bt

3.1 BRGEEHHEA

ARG E BT R E RPN R RO P BB B Python
EE Ik, EHTE R RE TR ALY APT 35 LRI IR, B2 N ] 3.1F 7

[ 8RN }—ﬁ&—[DeepSeek-m] ‘

| RS
HFEAOMIL, TR f{\ > | DeepSeek-R1 N
BELT, REATH (+) ] P ——
A E WAL, i

B 3.1 RERH

{E ] DeepSeek-R1 BN, FrEECETRENSE (W 3.1) , HFRE
BT APIKey 5540, 4 ‘Bearer’ 5 APIKEY e kAN ERFRFER (V2 Jid
SRS, Zmbdif 22l T VI R4 TAE AK 1 SK 254, (HAGN API Key f#
) o MTERIRAY ‘messages” H1LAFIFRIP A A LR 30D, BHRidsN
FHIEF, 4 ‘role’ 5 ‘content” IR, O AIFERIHE TR (W RS ‘system’
R cuser’) FHHENA . TSR E)S, Wi POST JiiEd HIEFREAR
URL 252 V5 [A)3E K o

F31 HEFHZ APLERSY

SRR 2R SRt A SR
Headers Content-Type 17 AR EHEAE ‘application/json’
Authorization SR 45 ‘Bearer <API KEY>’
Bod model I8 A 4 ‘deepseek-r1’
Y messages PR ETFER Array R

Xt DeepSeek-VL2 R 1 MG A AR, BT HGEEX -G T, Hf
‘messages’ 1Y ‘content” 5% T T AT UAHNFE, HA S HIEE TR ‘text’
TEG N\ ‘image_url’e T2 R, DeepSeek-VL2 [ H H A E L i E
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PR AR E e 3 (73

G, TR ERM— I RITT AR URL, & F 204 P R0t & E
B3 i o

AT BT R RIS R A7 OSS 55 SLHLER I = A7 . AEdahl & B HEEHr
FR 77k T Bucket 5. F1 ] OSS Python SDK 3/ 74fd, SEEUEMGR) EAE. T
B URL ZE e BRI, A2k R EAL R 2w g hd A i A7 i J S
A (ERIMME 600 #) #) GET JiiEHisE 44 URL. R HAENIERIAHIE & URL 2
H, RS APLIE A

3.2 B&ath

ACEE N R AR 7 B PSS RE T I R L SOAR G i T
EILREAS O R A A S A ARRHAE s 23 TR IR R B ARG RO TR SR o RIS, 38
R HRE I eSO AR S R S R R B, S EE g S 25k
)i, BT RS0 R AR

PN
A
2
H

WFE AT, T
ARBELT, &K
E2.5 /LI TIN

& 3.2 JRBIEA

i, AT DeepSeek-VL2 AP JEAT E G 04T o ZEBITIT  Xf P 3.2+
M GAm A, A 330947817, DeepSeek-VL2 AU [ Hi W &] 3.4Ff71 o

HRMRXKE Y, ZEZNHRREG T OHIR, BRFEDRG EH.
Kol AL B E R RAZ S, R REH, AR E BRI
MALACEMER —ANFH O BE. FARERAF L, FRBTT G5, HF
18 ) — N R AR

B 3.3 o (B
FE1ETE DeepSeek-VL2 AR Z fif, ASCH 22 ] CLIP Al MiniGPT-4 P>

17
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XKBARETT —BESTXNER, LEREMREHE
MEERBE, BRETHRIE, ERERAXTE, @A
AEATE %, DFAHEREEAEMS BT RNF. AT wa%
ROGBAER, A ek BET XKy adm, g HR
EmTHOREB. REFER, 5ENYEREHH REH
sPrb, 3R T B A B R B BB ik AR B AR A
BBy Fh 69 B, BT EE B —FE R A E 6 B

B 3.4 EGRIE )

HSTI G, 3 IR TE R P R S S AR ARk, IR J5 3¢ Hi ERNIE-4.0

HHE SRR SRR . 20, B 32FREE G, SERTH A
AR
CLIP: Xinyang, Yunfu, Zhoukou, Blossom, Pagoda, Teahouse

MiniGPT4: The image shows a large, ornate building with a tall, pointed roof

and a large, open balcony on the second floor. The building is surrounded by a large,

flowering cherry tree, which is in full bloom and covered in pink blossoms. There are
several people standing on the sidewalk in front of the building, looking up at the cherry
tree. The sky is clear and blue, with a few clouds in the distance. The building appears
to be made of stone or brick, with intricate carvings and decorations on the facade.
There are several other buildings in the background, some of which are also covered in
blooming cherry trees. The overall scene is one of beauty and serenity.

ERNIE-4.0: B PR T T — R EHRET XA ZR, AWMASHEGETR fo=
IR ARG o AWM —ARBEITGIBIEH IR, HAEIL, Hhda . &
AT AATE b, BATER, kRN LW, BWET L, AN LEZH
ERABERZ . XBAMGELBREER, TR E, FHEL. #F
PEA A AU RIS, P — LRI AARIEPT A. S EmFEEA £
w5 TR

T LUREL, BONRAN SO HER A 1IN AEARIFTCIE A AT & i
BIERR RIS R -

« CLIP iR U455 : CLIP % H 1) “Teahouse” (45 % ) 5 “Pagoda” (£5) ¥ il Uk

18
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FEAL, X — IR T CLIP 1IN ZRBudf 7 A I 25— (£ VU J5 1R P, “pagoda”
S HAZSEY SR, MR SGE NS SR EHTCARICR , Ol HE
SRS 23 o PP E A2 , AL EE At T Xinyang” (fFFH ) “Yunfu” (=
) FRESEMRPES . Fik 7H RSO SRS AR B K .

* MiniGPT4 B ik : MiniGPT-4 HIRRE IR ML ™ AR THUE 31" 4 T 3K
(EFEIA 7 SRS B H o IR U SR e fa] #3551 pointed roof” (48
T, TR PB4 4 “pink blossoms” (ke fb2c) , IXFPEFAIIA R LT
SCAEA o

T2, 24 CLIP f] MiniGPT4 [)# i 3¢ Hi ERNIE-4.0 250, 5 145
M A R AR R ST IR B SOA, “FUREY, AR, TSR
e E RS U E R A KK .

PRI, ASCE2 E B SO SE T Y BUG R AR R 7T Y 2 R H &
Jig, — LB G A GRS SR U B AR (R BN R
T o

EHMHENE G, 28RNSR (JUE 3.3) XF DeepSeek-VL2 Al
Qwen2.5-VL-3B jX PR SCE G RLBE TR0 M, R I & B R BT T 5
o DeepSeek-VL2 [t AN HTSC&] 3.4/, 1] Qwen2.5-VL-3B [t 40 T -

Qwen2.5-VL-3B: iX K F &7 7 — BAE G0 F B, THLFH RET R
R BEMART AR, Re AT EChGEE . ZAR B AR F S EITHRE
B, RAZNEHLE, SRAGEHHRT Emegadb. AGEAER, &
ETXIFoam. £REAMMAE L, TR —EALEKT RNF. FIRAETH
mEM, SA—FARG R,

AILLA R, DeepSeek-VL2 ¥ A 7 HERIEFES, 1 Qwen 5
H R SR AR S R AT P A LA N, B B A A I
FUS VRIS O VR SRR IR O AIA TS RO R K B AR
7 MR EEIR b, 3 i wi s - rh s g Rt 5 R 2 H S A [ T
A B HRESARE R, EEERR T 23 A58 RAHEIA o

K, ASSCfd ] DeepSeek-VL2 A0 EHGAIARAL, — 202029 - i A\ Y
FGAE SRR EE R BA SRRSO, yk— 20 il R A E
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Se e LS R Hid -

3.3 HIFER

N TAACR RS R AR GEH R R, fR AR E S R

W, IR HIERE BT Il SCRIF MR SO . LARR B P B 5 RO B4R

T, BESREE IR Al AR o

I AT TR T 54 7 T35 DeepSeek-R1PT KA, Az sl AN IH 2 4

AR EEAFE BRSO R B 32 . RGN B

TEOCEIE RS A 3.5, [ 3.6. [ 3. 7RI 3.8

By T IR kLE, RBEAMERIE.
7 B A, TE2EHF R A
RIBWHF2R, EMEREZET,
WMREE P AT, KEZLHEEER
ABIE AN, BIEKLLRGH,
BB AR, HAESELE,
o2 B 5 3EF, AT B H .

B35 ERERF Rl

By ) T Ao IR 5, R AT R Y ERE,
FERBEZE THZSZE, FESTEDS T RE L.
RIBABEE ML, OMAZLARHET,
CHhPbEETIREWERE, KSELE B LRI,
AP RE A ) B, Rk sR g A Wi iR g,
A RRKMAKAHT L, FHEATEE LGN E,
L ERITFREZEE, LiUFE)N LB E.

B 3.6 wHRFEIESCEIE Rl

HI RS BORE S . H ARG G tH A A RORS SLVEA AR 2R, 7 2k
(DB IR 17 R A PR AL 42 IR U i U HH AR N 2. T CRISPE HEZERT)
WAL Y BETR B 2R st on TR AN R YL, AT 7 3R NI BT RY
ZATIIE, RSN IR BT EEMT 2 TR AL . BRI
HEZRELFE /A E 0 -

1. BEJ15 /(0 (Capacity and Role) : KA X HA&R MAAS5HET],
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1 383 RA GFE2- FRO I URETF®, RIEBEE, HhFEF
F 1R

Lk HEEARATEEEER, WAFRRBAREL, BhEARARY
YA BLEIARE RN, XA <R RAPLR mifiik, mREI%
W BRBAATHERBR, ROk RmBka R it EE L
EA: AR I PEAZ B R AT, IR F L

RE: S A, AW E R KNG Ak 6 r4-4F 4

CEAD RA GFERYFEHTFA, REBFETER, HhKemo

8. BENABE : LA BB BN G R fan”, IR GEEY “fes TR &
%, WwE®FHL

9. £F: MEPNRERSZHRELZIE, Fiaelitd s

10. @45 B RFPRAESL, BR BAEI CHEE" 098 83K

e

B 3.7 HER Orfl)

XHECTHAAARKBIEAFRBIK, B TWeT 5 8meEs, &
BHBELBANOR TSR, THEATECEZY S, REAS GEZYY
ZAFEFm R, XFREARFARABRLEEY EHB, MBE T
BRI 5 FEETHRET YRR, R AR TR IR 6 &35
mE A E, AREEER, RHRLIARAREL, “EHEZERE
RREAZ I 2, BARFREHEARELLERES. BRI BB %
R AR N X as, XEhEFetsk, GTaHLRKGAL
T, AREFEREY, PR EEME AR, AR EET
IHPILEH, UHEEEE LAY, RALBY HELP D RAE
RITIL A3 & B Ho

B 38 HiRET Grfi)

2. Wil E (Insight) : NSEMUTSs, KRB YRR RAREE, Pk
PR sREy BN 0B .

3. #§4 (Statement) : KB FEE 5T M HIIEST

By XUk (Personality) « ACRE 4G HH A1 B UM R E LA R RIIE o

5. SL55 (Experiment) : 221 E KA PR AL — O f7- DS B f b i I HE 7 37 o

R

Hrp, B r BN LS RTINS B m— 83 548 (Experiment)”
SRR, 7 e s m s s

SHEIXFERINESE , A SO o AR ST /s 17 i WL 3.9, Hrh Rgefaii
FHP SO Auser_text, 55 F g A &L i id descriptionZfi 5[] 5 %E T
Rk Epoem_type (ANTLFAM) LHEARF AP T HURHFES) . ZJ5/E %
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XS 304y, ARG R LA JSON KBS N2, S Ei ibrii. iy
2% BT TERELAN FESCEIRE, I ELUE AIURS H HAR R T AR N A, LMET
BREEAL N ISON X5 T G e i o

__________________________________________

/ Capacity 2 —AbiEblk KT, BEEAFEGET ALY, &
& Role  FizB&A i, & TIH S5 09 KA AE I,
Wb I B BRI & s e vk AR e, A R+
HHFPEROEL, " A FEATE S fo b, o RAEH
{poem_type}, 13T EFT AKX -FIEMAN, T FH
Bk —H, HHiEE Tk,

REIE 5 R A RS R PN AR S G0N EiE, iz
Statement A H AN E. BE. RE. TS5 @, ALELBHH

Wik k5 FFNE,

T

Insight

ARl IR 4 FE T @ 09 JSONAS X th ) 22, ELJR €, A 1R JSONSR 69 2
MAEAT P 25

{{

"ARART: "AMEH AR,

"EEL": "RMEEF IR,

AT RMEE R, ERESGLA, ARIENTF

Personalit . - ; : s
Y wwg. 20, B, B4, BHTE. BEASEE S G

SHT,
ERT "eMEE R ER, LN PR B & AR
E——3",

|
I
I
I
I
1
I
I
I
I
1
I
I
I
I
1
I
I
I
I
1
I
I
I
I
1
I
I
I
I
\

ors SO L T

L g AU U U U U U U g

\\ //
ST TS T T T T T T T T T T T T T T T m e e e S
] Input ERR PN " fuser text}" . AP N—FKE R, L3t
I pu > = o2 ks oL & o . ”

\ K6 L F R A “ fdescription} !

N 7/

e e e o mm mm m mm mm mm mm mm e mm mm e e mm e e e e mm e Em e e o e o o

B39 #rH (Hivdm)

BUER R, AT 2R AIES R, 145 DeepSeek-V3P! H14E {7 L
VEZ45U ERNIE-4.0, {EFsHIf NSAEHERI S T, 2 BT . M
SRS 32008, EUGHGAREE 34 NA, EIARCN R T+ 4 sk
77, DR R R R 2 R 2 2

L3I R L, A& 30 ERNIE-4.0 7] DeepSeek-V3 {1 & R ELfEAE H E
IR 55 T DeepSeek-R1, jX— s HARIE R I H b (CTERERE
43 BOUL b S W ASS R At ) e R R S OE T TR R, AR R R
TESCEIE A M AR S B 225 o X RIRSERRY Bt B “TERE P 2535401
e
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ERNIE-4.0:

#iml: 38R P TIRA M ARE BT AR, AR E.

Mo F: B ERI BT e TR E G LW

SRR MRS XA BTG R LAk &35k,
A RAROGE, RALZ/AERGER,

feidkdh: B ERAI R, T ERAAE B T I F.
DeepSeek-V3:

Bl AT P E# Al AR, KXKF AL, AR S,

RIBE: ot XEARTGZAMH, FERBRLEAE T8I,

HiE BT XEAYIARRE, 2% E.

AU, &) 3.74 DeepSeek-R1 P ERE N 2 TE M i 78 1 AR SCAN/EH 0T i
WOS R WE L, IXFEEI I RACT 55 b8 i, "B — iRl BE i 4
PEAESEIRR. a2 A S S W, XFONEEZR IS AN A E T 5
FISCAE R [FIRE, AR PR — IR AN SOR B T B HR AR SUREAE . I T R4
FEA), IR EER S LSRRG, REL PR B i S, XL
SO S Is TFARAEREER), 2 H AR B e 2 rh, S B
LA B EHMERITE, WA BN T Bk 5 SO e «

MHEHZ N, ERNIE-4.0 71 DeepSeek-V3 [1% i BAAMAF 52K, BAE HMUR
R H EHEE. NEBNA LA, BITEZ SN ERA, sz Xt
SO SLSER FEAZ IR AT Wi ), Te i i S TR R R B SO s 2R R R A

R, ASCfdE ] DeepSeek-R1 VRN iR A AR, AR RF G/ I HY
IS GIAs RES T, AURIR T XM G SRR ZI A%, g B 7 HAEH
5 AR RIS A THT Y SRR I3
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3.4 HIEHEM

AT PR OB, ARG T — £ AT AR, T
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